Conditional cash transfers aim to increase human capital in poorer families.
Introduction
Over the past two decades many developing countries have implemented Conditional Cash Transfers (CCTs) programs in order to increase human capital in poor households and break the intergenerational transmission of poverty. CCT programs consist of regular stipends given to poor households, on the condition that they invest in the human capital of their children, normally through conditions on school attendance and child health visits. The conditions and monetary incentives are often justified on the basis of overcoming distortions in parents' decision-making. The observed low investments in children's human capital could, for example, be a result of liquidity or credit constraints (Lawrance, 1991) ; low expectations of returns to education (Attanasio and Kaufmann 2009; Jensen 2010) ; low parental internalization of the positive social externalities of education (De Janvry and Sadoulet, 2005) ; parental agency problems where parents make decisions over children's education and labour and do not consider children's future wellbeing (Edmonds, 2007) ; or parental impatience, irrationality and low self-control (Basu 2003; Das et al. 2005; Das 2007 ).
There is now extensive evidence showing that CCTs change behaviour -increases in medical visits, improved nutrition and health; higher school enrollment and attendance (see Fiszbein et al. 2009 for a review). The Colombian program studied here -Familias en Acción -has been shown to increase the enrolment rate of children aged 14 to 17 by 5.6 percentage points (Attanasio et al., 2010) , the probability of finishing high school in rural areas by 6 percentage points (Baez and Camacho, 2011) , the number of children who have regular visits to medical check-ups by around 28% (Attanasio et al., 2005) and total consumption and food consumption by 13.3% and 15.9% respectively (Attanasio et al., 2012) . Are the health and educational improvements merely a direct result of the monetary incentives and conditions or does exposure to CCT programs affect participants' decisions more generally, by changing the way they allocate resources across time?
This paper aims to contribute to our knowledge of the underlying mechanisms via which CCT programs work. Using a Regression Discontinuity (RD) design, we explore whether participation in Familias en Acción has an effect on parents' discounting behavior (as measured by hypothetical choices between the receipt of money today versus in the future) and child caregiver reports of educational aspirations for the child. We view increased educational aspirations as being an indicator of a change in discounting behavior in the context of educational decisions, in that it signals a willingness to delay present consumption to invest in education. Educational aspirations are important as they have been found to be a strong determinant of children's ultimate educational attainment (Benner and Mistry 2007; Chiapa et al. 2012; Spera et al. 2009) . 1 We are able to examine whether parental discounting choices change while in receipt of the transfer, and over a period of up to nine years after exiting the program.
CCT programs could result in parents generally making more patient choices via three channels. First, and as is common in many CCTs, participant households have to take their children to medical check-ups and send their children to school in order to receive the monetary transfer. These conditions "force" them to change their behaviour and invest time and/or money in the future and so delay present consumption. With time, this changed behaviour might create the habit of delaying consumption.
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Second, the increase in income due to the monetary transfers may allow recipient households to consider a wider range of options for themselves and their children. Once households are living above subsistence levels they can contemplate delaying consumption, investing (in education or productive activities, for example), and planning presentconsumption versus future-consumption. 3 This again could impact choices over time, affecting many different facets of people's lives.
Finally, the program requires caregivers to attend educational talks. These information sessions may change discounting behavior by introducing parents to new ideas (Becker and Mulligan 1997) . The information parents receive in the educational talks may create awareness of the importance of education, nutrition, health and general child care, and hence change their decisions about human capital investment. Interactions with the educated professionals in medical centres when taking children to the check-ups may also alter people's view of the world, and hence affect discounting behavior and aspirations (Chiapa et al. 2012) .
A considerable body of evidence suggests that intertemporal decision-making can be affected by numerous factors, such as parental teaching, social pressure, living in poverty 1 Parental aspirations are influenced by people with whom parents interact and with the income and wealth of neighbors (see Appadurai 2004; Ray 2006) and parents having higher expectations of the financial returns to education (see Attanasio and Kaufmann 2014; Sosu 2014; Spera et al. 2009 ).
2 Carvalho et al. (2016) find that a savings account intervention which caused participants to save more led to a habit of delayed gratification. In the context of Familias en Acción it is possible that delaying consumption by investing in education and health may similarly form a habit of delayed gratification.
3 Living in poverty has been shown to be associated with high time preferences (impatience) and low educational attainment (see Chytilová 2010, Bauer and Chytilová 2013; Becker and Mulligan 1997; Kirby et al. 2002; Lawrance 1991) .
and income shocks.
4 Empirical evidence of the evolution of changes in such decisionmaking is however relatively limited, partly due to the lack of longitudinal data. Kirby et al. (2002) , using information from incentivized choices of immediate or delayed gains every three months for two years in rural Bolivia, find that the implied discount rates (and high rates of consumption and impulsive behavior) are influenced by situational factors like income variation. Dean and Sautmann (2014) use data on individuals in Mali over a period of seven weeks and find that the marginal rate of intertemporal substitution varies systematically with income, consumption, spending shocks and savings. Carvalho et al. (2016) find that opening a savings account increases the willingness to delay gratification among poor households in Nepal. Providing financial education to randomly selected high school students was found to decrease present bias (see Lührmann et al. 2015) .
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Several studies also show that interactions with others can influence time preferences (Becker and Mulligan 1997; Bowles 1998) . Thus it does not seem unlikely that the income transfers, enforced conditions, information on the benefits of education and the exposure to educated professionals that are part of many CCTs may affect intertemporal decision-making. Baird et al. (2014) , in a systematic review of the effects of cash transfer programs, provide evidence that the conditions, when monitored and enforced, are an important contributor to program success but little is known about the role of changes in intertemporal decision-
making.
6 If CCTs merely operate through the monetary incentives, if the program were to stop parents may no longer choose to send their children to school. However, if CCT programs change parents' intertemporal decision-making, we could expect to see a sustained increase in enrolments and nutrition even if the conditional transfers ceased. Such an impact could also significantly magnify the benefits of such programs via potential 4 Parental influence is one of the earliest and most important sources of preference formation. Intergenerational transmission of behavioral preferences has been demonstrated for work attitudes (Fernandez and Fogli, 2009) ; leisure activities (Volland, 2013) ; and underlying preferences like risk and trust (Dohmen et al. (2012); Zumbuehl et al. (2013) ) or academic aspirations and motivation (Benner and Mistry 2007; Kirk et al. 2011) . Time preferences have also been found to be associated with many factors, including education, wealth, income, poverty (Lawrance 1991; Carvalho 2010) , gender and age Chytilová 2013, Anderson et al. 2004; Rubalcava et al. 2009) .
5 Several studies have also shown that the propensity to make risky choices may change as a result of circumstances. For example, Cameron and Shah (2015) find that exposure to negative shocks in the form of natural disasters in Indonesia results in individuals making more risk-averse choices. See also studies cited in Chuang and Schechter (2015) . 6 Handa et al. (2014) which finds that an unconditional cash transfer program in Kenya did not affect households' discounting behavior and Chiapa et al. (2012) which finds that participation in the Mexican CCT Progresa is associated with an increase in educational aspirations of about a third of a school year. They examine the impacts in the short term (within the first year of participation) and explain this positive effect as coming from mandated exposure to educated professionals (doctors and nurses). They do not examine intertemporal choices directly.
positive impacts on other outcomes, such as household savings, incomes and health decisions. Further, if children learn patience from their parents, these programs could impact not only parents' decisions over children's schooling but also children's own decisions.
If children make more patient decisions they may also, for example, aspire to jobs with better wages after a period of training or education, as opposed to lower paying jobs (Lawrance, 1991) ; be more likely to participate in the labor market and less likely to be on welfare as adults (Golsteyn et al., 2014) ; and invest more in human capital formation (Cadena and Keys, 2015) . They may also choose to invest more in their own children.
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Although in everyday parlance the behavioral changes we are testing for would commonly be referred to as preference changes, it is important to note that any observed changes in discounting choices could reflect changes in parental knowledge and beliefs rather than in underlying deep preference parameters (discount rates). That is, people can make more patient choices while having still the same underlying discounting factor. In this paper we examine whether household's intertemporal decisions change as a result of participating in the program -in both the short and long run. Identifying whether any changes are due to changes in beliefs or changes in underlying preference parameters is beyond the scope of this paper.
The paper proceeds as follows. Section 2 outlines the characteristics of Familias en Acción. Section 3 discusses the data and identification strategy. Section 4 lays out the econometric methodology and Section 5 discusses the results. Section 6 concludes. Black et al. (2015) provide empirical evidence of intergenerational transmission of attitudes (risk, trust, leisure activities) from parents (and other role models) to children. Further Macours and Vakis (2014) , Chiapa et al. (2012) and Black et al. (2015) provide evidence that attitudes and aspirations are determined by environmental factors, experiences and interactions with others.
The program
8 With sufficient medical facilities being determined by the number of doctors and nurses per inhabitant; projected number of doctor appointments; and the number of child check-ups the municipality is government which had to complete the required documents and provide the identification numbers of the potential beneficiaries of the program. To be eligible, households had to capable of administering. The educational indicators used were: student-teacher ratios, classroom area per student, dropout rates, and the growth of school fees.
On average the transfers (in total, across both components of the program) accounted for approximately 20% of household income.
The SISBEN index was designed by the government to rank households and identify a target population for social expenditure. It is a proxy indicator of household resources and ranges in value from 0 to 100. Values close to 0 represent the poorest households while those close to 100 the richest. Different poverty thresholds were used for program eligibility in urban and rural areas. To be eligible urban households were required to have a SISBEN score lower than 34 and rural households a score lower than 14. The SISBEN score is constructed as the first principal component of four factors of household characteristics reflecting education and social security; demographic characteristics and income; dwelling quality; and available utilities. Eligibility is based on being SISBEN Level 1. The threshold to be classified in that level is lower in rural than in urban areas as the standard of living is generally lower in rural areas. If the threshold was the same in rural and urban areas, most households in rural areas would be classified as poor.
The SISBEN score is also used for targeting of subsidized health care and a children's nursery program. The threshold for both of these programs is higher than that for all of the households in our sample. Thus, we are confident that we are identifying the effect of Familias en Acción not other targeted programs.
12 The sample was constructed by tracking eligible households in the original participating regions which were in the 2002 baseline sample. (The program commenced in late 2001 in only a small number of regions, in most regions it started after the baseline survey was implemented.) A random sample of 66% of these original baseline households was selected to be tracked and form part of the 2012 survey. The 2012 survey managed to track 60% of these households. Households that could not be located were replaced by other randomly selected eligible households in the baseline survey. The resultant sample of eligible households was then appended with households which were ineligible at baseline but had SISBEN scores close to the cut-off (within four SISBEN points in rural areas and six points in urban areas) as identified and tracked from the original 1999 government census of households which was used to generate SISBEN scores and determine eligibility. The total number of households interviewed was 7550 -5718 eligible and 1832 ineligible. A greater range of SISBEN scores was allowed in urban areas to ensure a sufficiently large urban sample (as in urban areas people move around more and so are harder to track.) The target number of ineligible households was smaller than for eligible households and was determined on the basis of providing sufficient power for comparisons between the two groups.
18).
The survey provides a wide range of data including information on socio-demographic characteristics, children's schooling history and most importantly for this paper, discounting behavior and caregivers' aspirations for their children's schooling attainment.
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Discounting behavior is elicited from a set of four questions offering the (hypothetical) choice of receiving money now or a larger sum of money in a future period. These questions were asked of one adult per household (normally the household head or his/her spouse).
14 Table 1 presents the four choices. The respondent is first asked to choose between receiving 100,000 Colombian pesos today (approximately U$55, or about 12% of average monthly income) and 105,000 pesos in a month (U$58). If the person chooses the 105,000 pesos in a month's time the questions cease. If however, 100,000 pesos today is chosen, the respondent is then asked to choose between 100,000 pesos today and 120,000
pesos in a month's time (U$66). This process continues with the amount being offered in a month's time increasing to 150,000 pesos (U$82) and then 200,000 pesos (U$110) if the amount today continues to be chosen. Table 1 shows the correspondence between the choices and the implied discount rate. 15 A low discount rate represents a low preference for present consumption (more patient choices), while noting that, as discussed above, a change in this implied discount rate doesn't necessarily reflect a change in deep preference parameters. In our empirical analysis we follow Bauer and Chytilová (2010) and use a midpoint of the interval as our best estimate of the person's implied discount rate. Given that the last interval is open to the right (1 -∞), for that case we use the lower value of the interval. This gives us the lower bound of the implied discount rate for this sample. 14 Chuang and Schechter (2015) find that hypothetical questions of this sort elicit relatively reliable measures of time preferences, in that they are significantly correlated over time (more so than risk preferences elicited from widely used incentivized experiments). We validate our measure below by showing that the correlations between it and various demographic variables are consistent with the existing literature. Note that the person responding to the time preference questions is only the caregiver in 24% of cases. If we re-estimate the time preference models below using only the time preference data reported by caregivers, the results are unaffected.
15 The implied discount rate, δ, equates the value of $A today with the value of $B in a month:
A . For example, if a person is presented with a choice of $100 today or $105 in a month and the person chooses $105 in a month, the implied discount rate is at least 5 percent per month. today i.e. the most impatient option, corresponding to an implied discount rate between one and infinity. This is consistent with Rubalcava et al. (2009) in rural Mexico where 52% of adults selected the most impatient option. Chuang and Schechter (2015) also find high levels of impatience in Paraguay. The median monthly discount rate for our sample is 0.75 which means that $100 today is willingly given up in return for $175 in one month.
All caregivers of the oldest child under 18 years of age in the household are asked about their educational aspirations for this particular child. We examine program impact on two measures of educational aspirations -the caregivers' reported probability of the child completing secondary education by age 18; and the probability that s/he will ever graduate with a tertiary education. 16 The average probability that the child finishes secondary education by age 18 reported by caregivers is 80% in rural areas and 83% in urban areas. The aspirations for completion of tertiary education are 60.5% in rural areas and 69.4% in urban areas.
A comparison of the reported expectations data with actual educational outcomes over the course of the program reveals that these expectations are in excess of actual outcomes.
Using the endline data for the ineligible sample (so as to avoid contamination by program impact), we find that 45% actually completed secondary school in rural areas and 68% in urban areas. Completion of a tertiary education is not reported in the data but in rural areas only 19% obtained some tertiary education and 29% in urban areas.
Econometric framework
The causal treatment effect on a potential outcome (Y i ) is the difference between the outcome when exposed to the program and the outcome without exposure to the program.
The problem in causal inference is that we do not observe both states at the same time,
we only observe the outcome related to the treatment received by the household. The problem thus lies in constructing an appropriate counterfactual that captures the likely outcome in the different treatment states. Regression discontinuity (RD) designs exploit 16 The questions used to elicit these probabilities are (i) By the time the child is 18 years old what is the probability he/she will have completed secondary education? In Spanish, "¿Qué tan posible es que el menor, cuando tenga 18 años, haya terminado el bachillerato completo?"; (ii) What is the probability that he/she will graduate from tertiary education? In Spanish, "¿Qué tan posible es que el menor se gradúe de educación superior?". Only around 10% of the caregivers are people other than the mother or father of the child.
the fact that the probability of participation in the treatment changes discontinuously in a continuous variable so that households lying just above a fixed threshold are similar to households that are just below. A comparison of ineligible households on one side of the cut-off and eligible households on the other side thus allows us to estimate the causal effect of the program free of selection bias. In this paper we use a fuzzy RD design that exploits the discontinuity in program eligibility around the SISBEN poverty index cut-off (c) score to identify the program impact. The key point for our identification strategy is that participation in the program was determined (at least partially) by whether the SISBEN poverty score lies above or below the program cut-off. The Local Average Treatment Effect (LATE) evaluated at c is obtained by weighting the observations by the distance from the cut-off, Hahn et al. (2001) .
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We estimate the LATE using two stage least squares. We use a flexible parametric model to estimate the effect of program participation D i on Y i (discount rates or educational aspirations), instrumenting for D i with a dummy for eligibility in the program based on the household poverty score, E i . The probability of treatment is:
where E = 1 [Z≤c] indicates program eligibility. We center the poverty score Z i to zero at the cut-off (hence c to zero). 
17 A detailed explanation of RD design can be found in Imbens and Lemieux (2008) and Lee and Lemieux (2010) . In order to interpret this ratio as a causal effect we need to assume monotonicity and excludability in the program participation function, Imbens and Angrist (1994) . Although monotonicity is not verifiable, it appears a reasonable assumption. In this context monotonicity implies that household participation in the program is a monotonically decreasing function of the poverty score so households which choose to participate when they are ineligible are assumed to still choose to participate if they became eligible. Excludability requires that being at either side of the cut-off point does not have an impact on individuals' discount rates or educational aspirations for their children except through participation in the program.
18 For the analysis hereafter we centre the poverty score at zero with negative scores representing poverty scores less than the cut-off (sufficiently poor to be eligible) and positive scores representing ineligibility. Centering the score to zero also allows us to undertake a combined analysis of the total sample even though the cut-off point for eligibility was different in rural and urban areas. However, as urban and rural areas differ in a variety of ways, not least in terms of the level of demand for education, we also break down the analysis by urban/rural.
The causal impact is captured by τ . We expect the program to reduce the implied discount rate, in which case τ would be negative and to increase educational aspirations, in which case, τ would be positive. In estimations with the caregiver as the unit of observation we cluster the error terms in both equations at the municipality level as the program was offered at that level.
The use of an incorrect functional form can result in biased estimates of program impact. We test functional forms of different polynomial order against each other using the cross-validation procedure suggested by Lee and Lemieux (2010) based on the Akaike information criterion (AIC). Assuming that the resulting empirical specification is the true functional form of the underlying data, the LATE provides an efficient estimator of the treatment effect.
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Results
This section begins with a visual inspection and formal test of discontinuity in program participation at the SISBEN cut-off score. We then present tests of the continuity of the poverty index at the cut-off and a presentation of some evidence of local balance of baseline variables on both sides of the cut-off. The results from the first stage and the tests of the different polynomial orders are then presented before proceeding to the estimated causal treatment effects. We conduct some further tests of the econometric specification before concluding.
19 The preferred specification is the one with the lowest AIC. We allow for flexibility in the model by also estimating different polynomial orders at each side of the cut-off but in most cases the preferred specification has the same polynomial order at both sides of the cut-off. We also conducted a sensitivity test where we estimated the program impact using the second-best specification according to the AIC. The results are similar but less precisely estimated. The Bayesian Information Criterion (BIC) is an alternative selection criteria for optimal polynomial order. The results are robust to using the BIC criteria. Results available on request. Figure 2 graphs the probability of program participation by poverty score. A clear jump of about 35% in the probability of participation in Familias en Acción is visible around the eligibility cut-off point (poverty score equal to zero).
Discontinuity in participation at the poverty score cut-off
20 Table A1 in the appendix presents the results of formally testing the significance of the discontinuity. It presents the size of the discontinuities in the probability of program participation for models using different polynomial orders. 21 This is the estimate of α (the impact of eligibility on participation) in equation (3). Using the preferred specification program eligibility is associated with an increase of 47% in the probability of participation in Familias en Acción (44% in rural areas and 51% in urban areas). 22 The parameter is in all cases strongly significant.
Continuity in the poverty score
An important condition required for the RD design to provide unbiased causal estimates is that households cannot (precisely) manipulate their eligibility. That is, they cannot manipulate their poverty score so as to gain access to the program. Continuity in the poverty score at the threshold is evidence of absence of manipulation. We test this assumption in two ways. First, we use a visual inspection of the continuity on the density of the poverty score around the cut-off. Figure 3 shows the density of the poverty score is continuous at the threshold for eligibility.
To more formally test if there is continuity in the number of respondents on each side of the threshold, we use the local linear density estimator as proposed by McCrary (2008) .
Results are presented in Table 2 . We find that the null hypothesis of continuity (in the log density function difference) is not rejected across the whole sample or in rural or 20 To allow us to focus on the area around the cut-off, all the visual inspections are hereafter truncated to the poverty score interval [-4, 4] . The full sample used for estimation spans the range from -14 to 4 for rural areas and -34 to 6 in urban areas. Figure 2 is constructed for the sample of households for which we have discount rates i.e. one observation per household head. A discontinuity of similar magnitude can also be seen for the educational aspirations sample i.e. one observation per caregiver, and when disaggregated by urban and rural status. Figures available on request.
21 Panel A of table A1 presents the results for the discount rate sample (one observation per household. Panels B presents the analogous results for the sample with one observation per caregiver. These are the first stage estimates for different polynomial order specifications. The size of the effect decreases only slightly as the polynomial order increases and remains strongly significant at the 1% level. Hence the results do not appear overly sensitive to choice of polynomial order.
22 These are weighted probabilities (weighted by the distance from the threshold) and so differ from the unweighted probabilities shown in Figure 2. urban areas. Hence, it is unlikely that manipulation is biasing our results.
Baseline covariates
A further important assumption needed in order to identify the program impact is that individuals to the left and right of the cut-off are otherwise similar. We would thus expect to find no discontinuities in baseline characteristics of households at the program eligibility cut-off. We however do not have information at the baseline for individuals above the cut-off (because ineligible households were not part of the original baseline sample). Comparing covariates at the endline could simply reflect the program impact on these variables. Thus we examine the local balance on either side of the threshold for eligibility using only those endline variables that we consider unlikely to have been affected by the program -age and level of education of the household head. If the RD design is valid, these characteristics should be continuous at the threshold. We estimate an RD design with these variables as the dependent variable. Results are presented in Table 3 . We find no significant differences in the models estimated using the best fit polynomial. Figure 4 presents a visual demonstration of the discontinuity in the expected value of the implied discount rate and education expectations at the threshold for eligibility using the preferred polynomial order. There is no jump evident in the implied discount rate nor in the probability of finishing secondary school at the eligibility threshold. A jump at the threshold is apparent for the probability of completing higher education; however in the opposite of the anticipated direction. This result, if statistically significant, would suggest that program participation is having a negative effect on tertiary education aspirations. Similar results are found for both rural and urban areas ( Figures A1 and A2 ).
Effect of program participation on discounting behavior and educational aspirations
The results of formal IV estimation of the causal impact of the program on the implied discount rate and education aspirations are presented in Panel A of Table 4. In the discount rate models the coefficient on eligibility is negative, indicating an increase in patience, but statistically insignificant for the whole sample and separately in rural and urban areas (smallest p-value = 0.540). The point estimates are also small in magnitude.
A 0.015 (2.0%) reduction in the implied discount rate or 0.04 standard deviations over the whole sample.
23 These findings are consistent with the null effect for this sample found in Figure 4 and suggest no program impact.
We also do not find the anticipated positive effect on educational aspirations. Table 4 shows that the estimated effects are insignificant except for a negative and strongly significant effect on the probability of the child finishing higher education (p=0.02). This suggests that participating in the program has no effect on aspirations for the completion of secondary school but is associated with a 14.3 percentage point decrease in the perceived probability of finishing higher education. While non-participating caregivers on average attach a 76% probability to their children completing higher education, participating caregivers on average report a probability of 62%. This negative impact is found in both urban and rural areas but is only significant for urban areas.
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This finding is the opposite of what was expected. It is consistent with participating households coming to see their children's schooling attainment as being dependent on program support, and as the program is known to finish on completion of secondary school (age 18) they attach a lower probability to being able to continue than those households who have not been exposed to the program. 25 It also underscores the role of the conditions in improving educational attendance for children who presumably would not otherwise have completed secondary school.
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The inclusion of additional covariates in the RD design estimation can increase the precision of the estimates (Imbens and Lemieux 2008; Lee and Lemieux 2010) . Panel B of Table 4 presents the results for each outcome and the coefficient from the first stage of eligibility on participation when we include controls for gender, age, years of education 23 Note that we are powered to detect relatively small differences. The minimal detectable difference is 0.026 which produces a Cohen's-d measure of effect size in the small to very small range and is small enough to not be economically meaningful.
24 To correct for multiple hypothesis testing, in Table 4 we report p-values that control for the False Discovery Rate which limits the probability of making any Type I error following the procedure described by Anderson (2008) . The null effect on discount rate and secondary education aspirations and the negative effect on tertiary education aspirations in urban areas hold.
25 To further investigate this result, we examined whether this estimated impact on aspirations is reflected in lower tertiary enrolments. In unreported results, consistent with the aspirations result, we find that program participation is associated with a lower probability of enrolling in tertiary education. 26 To rule out that the negative effect on aspirations is driven by caregivers' learning about their children's ability at school, in unreported estimations we include children's school performance controls like grade progression which produce similar results. and the region (rural or urban) of the respondent. The inclusion of the covariates does not affect the results. The poverty score continues to be a strong determinant of program participation. The program impact on the implied discount rate and the reported probability of completing secondary education remains insignificant. For the probability of finishing tertiary education, the program effect is of a smaller magnitude but still negative and statistically significant across the whole sample and in urban areas.
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In summary, we find no evidence that discounting behavior changes with exposure to the program. We also find no effect on the aspirations of caregivers for their children's education measured by the probability of finishing secondary school. We find, however, a negative program effect on the perceived probability that children will finish higher education.
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We also estimated the program effect using non-parametric regression discontinuity following Calonico et al. (2014) The results are similar and are reported in Tables A2 to A4 in the Appendix.
Discounting behavior and current income transfer
The treatment group contains households who were participating in the program at the time of the interview and also those who had participated in the past. It is possible that discounting behavior is affected by the receipt of the cash transfer during the period in which the transfer is received, but reverts back to as it was once the cash transfer is no longer received. This could happen as additional income diminishes the pressure for present consumption and allows households to delay consumption and plan better (Becker and Mulligan 1997; Carvalho 2010; Kirby et al. 2002; Tanaka et al. 2006) . The effect on current participants' preferences may be being masked by the inclusion of households that participated in the program in the past but are no longer receiving the extra income 27 The coefficients on the new covariates are largely consistent with the existing literature, validating our intertemporal choice measure. We find that women are more patient than men. Individuals living in urban areas exhibit less patience. Age and education are not significantly associated with time preferences in our sample. This is likely a consequence of the low variation in the sample as the population is relatively poor, education is low and because all households are required to have children aged 0 to 17, the age of household heads/spouses is similar. Parents' years of education is an important determinant of educational aspirations for their children. 28 We also estimated the educational aspirations specifications restricting the sample to reports by mothers. As mothers are the ones who attend the program information sessions, they are the most likely to have their aspirations changed by the program. The results for mothers are however similar to those obtained for the whole sample of caregivers. Results available on request.
(program impacts may also decrease over time). To explore this we disaggregate the sample into those households currently receiving the transfer and those that have received it in the past but are no longer recipients because they no longer have children aged 0 to 17 in the household. Panel A in Table 5 presents the results. All impacts are insignificant in both samples.
For those households which are receiving transfers at endline, we can also investigate whether the increase in consumption that the transfers afford directly affects households' intertemporal choices. We do this by adding endline household per capita consumption as an additional control variable. The results are presented in Panel B of Table 5 and are qualitatively unaffected.
In unreported results we also examine the effect of different length of exposure to the program by including a variable reflecting years of exposure to the program. This variable is insignificant and the results stand.
Conclusions
In conclusion, we find that the program had no impact on participants' intertemporal decision-making. We also find no evidence that the program increases caregivers' educational aspirations for their children. Unexpectedly, we systematically find that program participation is associated with parents attaching a lower probability to their children finishing tertiary education, particularly in urban areas. These results suggest that participant households' motivation for sending their children to school is a direct result of the monetary transfer they received and the accompanying conditions rather than to any change in discounting behavior and aspirations. The results for tertiary education further suggest that households may come to depend on the transfers to educate their children, resulting in lowered educational aspirations once the program ends (when their children are at the age to embark on tertiary education).
From a policy perspective, the inability of the program to change people's intertemporal choices so they are more prepared to delay present consumption in the interest of investment in the future and, more specifically, actively desire their children to gain more education, means that programs of this sort require ongoing financial incentives in order to generate the impacts on human capital. If the transfers were to stop, program benefits would be limited to those associated with the educational and health improvements that were obtained during the program's implementation (which may be substantial) and the health and education of subsequent children would likely revert to pre-program levels.
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Finally, the benefits of such programs do not extend to the wide array of potential benefits arising from a greater ability to make decisions that require an investment today in order to reap future returns. Tanaka, T., C. Camerer, and Q. Nguyen (2006) . Poverty, politics, and preferences: Field experiments and survey data from vietnam.
Visaria, S., R. Dehejia, M. M. Chao, and A. Mukhopadhyay (2016) . Unintended consequences of rewards for student attendance: Results from a field experiment in indian classrooms. Economics of Education Review 54, 173-184. Volland, B. (2013) . On the intergenerational transmission of preferences. Journal of Bioeconomics 15 (3) , 217-249. Zumbuehl, M., T. Dohmen, and G. Pfann (2013) . Parental investment and the intergenerational transmission of economic preferences and attitudes. SOEP papers on Multidisciplinary Panel Data Research (570). Notes: The discontinuity estimate is the difference in the log density function at the poverty cut-off following McCrary (2008) . Standard errors in parentheses, p-values in squared brackets. .7
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